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o “Data assimilation is a mathematical discipline that seeks to optimally combine theory
(usually in the form of a numerical model) with observations.”

(https://en.wikipedia.org/wiki/Data assimilation)
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Y. Harashima, et al., Phys. Rev. Materials, 5, 013806 (2021).
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K.Takai and Y. Kano Comm. Stat. 42, 3174 (2013).
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1.0 933.718 1000
0.9 945.811 994
0.8 962.004 nan
0.7 981.454 965
0.6 1002.318 nan
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fo(2) = fi(x) — 1.5 = T EL 2
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— 0.2¢3(xz) + 0.1¢4(x) — 0.305(x) + 0.2¢6(x)
Y2 = Y1 — 2¢0(x) — 0.6¢1(z)

¢n(x) = sin(2mn)

0.0 0.2 0.4 0.6 0.8 1.0



iteration

|

Bayesii@E1l : 7 — X [AML VS 8% D/ Tk

° ZWT_EZEFEﬁ, (xl, xZ) .
o THEIE/RTT, (¢, (x) = sin(2nnx),n = 0,1, ...,6) :
« REE, (9 () (%))

o Tx7=491E D fitting parameters (= XTI s

2 DD ETILEFEH (model A& B)
FNEFNDETILT5T — R &S

T L FRETILEES

1B S (x, X)) Zmodel BORAMEZ 52 5 & 5 1T&EIR
m & D& 52 (x1, X,) % model ADAFEE LD TR AIZ 7 D 2 TEIR

T — XA : 3.+44.+5.
B=/N_F%  3.+4. only ..

Ul B W o —



Bayesfz@1t, © 7 — X [EML VS @BF D/ 3%

BEEOEIFES E

yDERAEDERR
ey= ) 0(yi - 7) max(yi - 7,0)
__________________________________ — i
20! &= ) 07— y)min(7 - ¥,0)
[
iOMIEY > 7LTF—2EBLTES
1.5 ¢t
%
S
1.0 ¢ e ETIVA(cal)DREIL S Nz & &
OLS (= 491teration) £ 7 )L B(exp) D
05 L ass?m?lat?on(calc :3,exp: 1) E—j('fg 71:)\ 70 4 “\\ % é ;{/L %
—— assimilation(calc:2,exp: 1)
—— assimilation(calc: 1,exp: 1) . - .
00 . . . . » a2l —23vVICKDRRIT
0 10 20 30 40

iteration Egijiﬂﬁ% E E—ECCT% D Tl ifd\ < N
ETIVOREILZ BIET DA EN



