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Question: How to organize 16 alloy atoms (Si: 8, Ge: 8) to obtain the largest and
smallest interfacial thermal conductance?

Lead S1/Ge alloy region Lead
Descriptors: C;, =12,870

Case) 1 12 /1 3/4/5/6/7/8/9110[11]12/13)14,1516
i N R N T T R N NG NG e M R R G G
i I N i i R i G G e e R R G
5 0 N 2N N A I N G G G G G R R G

Calculator: Atomistic Green’s Function (AGF): Phonon transmission
Evaluator: Interfacial Thermal Conductance (ITC)

Optimization method: Thompson Sampling (Bayesian Optimization)
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Ni Co Cr Mo w Al Ti Nb Ta
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(a) 1st cycle (number of training data is 3)

Pressure [MPa]

10

Prediction of yield (%)

L L L L
1400 1450 1500 1550 1600 1650 1700
Temperature [°C]

80

70

Pressure [MPa]

(b) 2nd cycle (number of training

Pressure [MPa]

10

Prediction of yield (%)

P I I
1400 1450 1500 1550 1600 1650 1700
Temperature [°C}

H

80

70

65

60

Pressure [MPa]

10

Standard deviation

L L L L L
1400 1450 1500 1550 1600 1650 1700
Temperature [°C]

data is 4)

Standard deviation

o

I IR
1400 1450 1500 1550 1600 1650 1700
Temperature [°C]

(c) 3rd cycle (number of training data is 5)
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(d) 4th cycle (number of training data is 6)
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